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Abstract – The rapid growth of e-commerce and the 
emergence of social commerce have transformed 
Indonesia’s retail landscape by integrating social 
interaction into the shopping experience. However, one 
of Indonesia's leading social commerce platforms, 
KreasiOne, remains highly dependent on the household 
products category that include furniture, kitchenware, 
tools and hardware, home supplies, home 
improvement, and textiles and soft furnishings, which 
may pose a potential risk to the platform’s long-term 
business sustainability. This study aims to identify the 
key factors influencing consumer purchase intention 
for household products in social commerce and 
propose strategic recommendations for improvement. 
A quantitative approach was applied using Partial 
Least Squares Structural Equation Modeling (PLS-
SEM) on data collected from 413 respondents. The 
research model was developed based on the Stimulus–
Organism–Response (S-O-R) framework, where 
interactivity, information quality, and subjective norm 
represented as the stimulus variables; hedonic value, 
utilitarian value, and trust represented as the organism 
(mediating) variables; and purchase intention 
represented the response variable. The results indicate 
that 9 out of 10 hypotheses were supported, with 
hedonic value emerging as the strongest predictor of 
purchase intention (β = 0.451), followed by trust (β = 
0.387) and utilitarian value (β = 0.193). 
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Interactivity and information quality significantly 
influenced the mediating variables, whereas subjective 
norm had no significant effect. These findings suggest 
that shopping experience, consumer trust, and 
functional value are the primary drivers of consumers' 
purchase intention toward household products 
category on KreasiOne. The IPMA results further 
support these findings by identifying shopping 
experience, interaction quality, platform reliability, 
and the quality of product and shipping information as 
the highest-priority areas to improve. Accordingly, the 
proposed strategic recommendations focus on 
developing personalization algorithms, optimizing 
communication, and enhancing transparency and the 
quality of information to continuously improve the 
user experience and trust. 

Keywords – household products, purchase intention, 
social commerce, strategic management, strategic 
prioritization. 

1. Introduction

The rapid advancement of digital technology has 
significantly transformed consumer behavior and 
business models worldwide. In Indonesia, this 
transformation is reflected in internet penetration 
reaching 80.66% in 2025 [1], supporting the growth 
of the digital economy and strengthening e-
commerce as a national priority sector. Indonesia 
also accounted for approximately 44% of Southeast 
Asia’s e-commerce Gross Merchandise Value 
(GMV) in 2024, making it the region’s largest e-
commerce market. 

Amid this development, social commerce has 
emerged as an interactive form of e-commerce that 
integrates social interaction with transactional 
activities through features such as live streaming, 
interactive communication, and user-generated 
content. This model creates a more engaging 
shopping experience and is projected to grow 
significantly faster than conventional e-commerce 
[2]. 

Despite its rapid growth, social commerce 
performance remains uneven across product 
categories.  
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One example is KreasiOne, one of Indonesia’s 
leading social commerce platforms, which remains 
highly dependent on specific product categories. The 
household products category, comprising furniture, 
kitchenware, tools and hardware, home supplies, 
home improvement, and textiles and soft furnishings, 
records a relatively high Average Order Value 
(AOV) but contributes only approximately 4.10% of 
the platform’s GMV [3]. This disparity suggests that 
its relatively high product value has not translated 
into comparable sales performance. One possible 
explanation is consumers’ continued preference for 
purchasing household products from physical stores, 
where product attributes can be directly inspected 
before purchase [4]. Furthermore, trust plays an 
important role in reducing uncertainty and facilitating 
purchase decisions in social commerce [5]. 

Although social commerce offers interactive 
features that may reduce uncertainty and strengthen 
consumer trust, the factors influencing purchase 
intention for household products remain 
underexplored, particularly in the Indonesian context. 
Previous studies have also provided limited 
integration of these factors within a comprehensive 
behavioral framework and have rarely translated their 
findings into actionable strategic insights [6]. 

Therefore, this study aims to identify the factors 
influencing consumers’ purchase intention toward 
household products on KreasiOne using the 
Stimulus–Organism–Response (S-O-R) framework. 
Furthermore, Importance–Performance Map Analysis 
(IPMA) is employed to identify strategic 
improvement priorities and formulate 
recommendations to enhance purchase intention, 
platform competitiveness, and the performance of the 
household products category. 

 
2. Literature Review 

 
This section reviews the theoretical concepts and 

relevant literature underlying this study. The 
discussion focuses on social commerce as the 
research context and the Stimulus–Organism–
Response (S-O-R) framework as the theoretical 
foundation for examining the factors influencing 
consumers’ purchase intention, especially toward 
household products. 
 
2.1. Social Commerce 

 
Social commerce represents an evolution of 

traditional e-commerce by integrating social media 
features into online shopping environments [7]. It 
enables consumers to actively participate in content 
creation, product evaluation, and interaction with 
other users, thereby enhancing engagement and trust.  

Unlike conventional e-commerce, which 
primarily focuses on transactional efficiency, social 
commerce emphasizes multidirectional 
communication and user experience through features 
such as live streaming, reviews, and user-generated 
content [5]. 

Previous studies have shown that social 
commerce significantly improves consumer 
engagement and facilitates more informed decision-
making processes. The presence of interactive 
features and peer communication allows consumers 
to reduce uncertainty and increase confidence in 
online transactions. As a result, social commerce has 
become a rapidly growing digital business model, 
particularly in emerging markets. 
 
2.2. The Stimulus-Organism-Response Framework 

 
The Stimulus–Organism–Response (S-O-R) 

framework, originally proposed by Mehrabian and 
Russell, provides a theoretical foundation for 
understanding consumer behavior in response to 
environmental stimuli. According to this model, 
external stimuli influence internal psychological 
states, which subsequently drive behavioral 
responses [8]. 

In digital commerce contexts, stimuli are often 
represented by platform features and external 
influences, while organism variables include 
emotional and cognitive evaluations such as 
perceived value and trust. The response is typically 
reflected in behavioral outcomes such as purchase 
intention. The S-O-R framework has been widely 
applied in online and social commerce research due 
to its ability to explain the interaction between 
technological features and consumer psychology. 

 
3. Methodology Section 

 
This study adopts a quantitative research 

approach to examine the relationships among the 
proposed variables within the S-O-R framework. 
Data were collected through an online survey 
distributed to individuals with experience using 
social commerce platforms, resulting in a total of 413 
valid responses, which exceeds the minimum sample 
size requirement and provides sufficient statistical 
power for the analysis.  

The measurement instrument was developed 
based on established scales from prior literature and 
initially consisted of 23 indicators. Following expert 
validation, two indicators were removed, resulting in 
21 valid indicators used in the final analysis. All 
constructs were measured using a five-point Likert 
scale to capture respondents' perceptions.  
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Reliability and validity were confirmed through 
pilot testing, with all constructs demonstrating 
Cronbach's alpha values above the acceptable 
threshold of 0.70 [9]. 

Data analysis was conducted using Partial Least 
Squares Structural Equation Modeling (PLS-SEM), 
which is suitable for analyzing complex models and 
exploratory research contexts [9]. The analysis was 
carried out in two stages: evaluation of the 
measurement model (outer model) and evaluation of 
the structural model (inner model). The measurement 
model was assessed based on indicator reliability, 
internal consistency, and convergent validity, while 
the structural model was evaluated using path 
coefficients, significance levels, and explanatory 
power. 

In addition to PLS-SEM, this study employs 
Importance–Performance Map Analysis (IPMA) [10] 
to provide deeper managerial insights. While PLS-
SEM identifies the significance of relationships 
between variables, IPMA helps determine which 
factors are most important yet underperforming, 
thereby enabling the formulation of more targeted 
and actionable strategic recommendations. 
 
4. Results 

 
This section presents the empirical findings of the 

study based on the data collected from 413 
respondents.  

The analysis is conducted using Partial Least 
Squares Structural Equation Modeling (PLS-SEM) 
and Importance–Performance Map Analysis (IPMA) 
to evaluate the proposed relationships and identify 
priority areas for improvement. 
 
4.1. PLS-SEM Analysis 

 
The analysis using Partial Least Squares 

Structural Equation Modeling (PLS-SEM) was 
conducted in two stages, namely the evaluation of the 
measurement model (outer model) and the structural 
model (inner model). The conceptual model to be 
tested is illustrated in Figure 1, which is developed 
based on the Stimulus–Organism–Response (S-O-R) 
framework and comprises three main components. 
The stimulus variables include interactivity, 
information quality, and subjective norm, 
representing external factors derived from platform 
features and social influence [11]. These stimuli 
affect the organism variables, namely hedonic value, 
utilitarian value, and trust, which reflect consumers' 
internal psychological and evaluative responses. 
Ultimately, these internal states influence the 
response variable, which is purchase intention, 
indicating the consumer's likelihood of purchasing 
household products through the social commerce 
platform. 
 
 
 

 
 

Figure 1. Conceptual Model 
 

The results of the measurement model evaluation 
show that all indicators meet the required thresholds 
for reliability and validity. Specifically, all outer 
loading values exceed 0.708, confirming indicator 
reliability. In addition, the Average Variance 
Extracted (AVE) values for all constructs are above 
0.50, indicating adequate convergent validity.  

Furthermore, all constructs have Cronbach's 
Alpha and Composite Reliability values above 0.70, 
demonstrating strong internal consistency. The 
measurement model estimation is illustrated in 
Figure 2. 
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Figure 2. Measurement Model Estimation 
 

Following the measurement model assessment, 
the structural model evaluation was conducted. The 
results of the hypothesis testing are summarized in 
Table 1 for direct effects, Table 2 for indirect effects, 
and Table 3 for total effects.  

Figure 3 presents the path coefficients, t-statistics, 
and p-values for each relationship. 

 
 
 
 

 
 

Figure 3. Structural Model Estimation 
 

The direct effect results (Table 1) indicate that 
most hypothesized relationships are statistically 
significant and positively influence dependent 
variables. Interactivity shows a strong positive effect 
on hedonic value (β = 0.642, p < 0.001) and trust (β 
= 0.329, p < 0.001), highlighting its important role in 
shaping both emotional experience and consumer 
confidence. Information quality significantly affects 
utilitarian value (β = 0.584, p < 0.001) and trust (β = 
0.472, p < 0.001), indicating that accurate and 
comprehensive information enhances both functional 
evaluation and trust.  

Furthermore, hedonic value (β = 0.451, p < 
0.001), utilitarian value (β = 0.193, p < 0.001), and 
trust (β = 0.387, p < 0.001) all significantly influence 
purchase intention, with hedonic value emerging as 
the strongest direct predictor. However, the 
subjective norm does not have a significant effect on 
trust (β = −0.018, p = 0.619), suggesting that social 
influence does not play a major role in building trust 
in this context. 
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Table 1. Direct Effect 
 

Path Path Coefficient T-statistics P-values 
HV → PI 0.451 13.594 p < 0.001 
HV → TR 0.14 2.945 0.003 
IQ → TR 0.472 11.743 p < 0.001 
IQ →UV 0.584 18.433 p < 0.001 
IN → HV 0.642 23.097 p < 0.001 
IN → TR 0.329 7.193 p < 0.001 
SN → TR -0.018 0.497 0.619 
TR → PI 0.387 9.778 p < 0.001 
UV → PI 0.193 5.33 p < 0.001 
UV → TR 0.199 4.896 p < 0.001 

 
The indirect effect results (Table 2) further reveal 

that several variables influence purchase intention 
through mediating constructs. . 

Interactivity has significant indirect effects on 
purchase intention through multiple pathways, 
particularly through hedonic value (β = 0.290, p < 
0.001) and through trust (β = 0.127, p < 0.001), 
indicating that its impact is largely transmitted 
through both emotional and trust-building 
mechanisms. Similarly, information quality 
influences purchase intention indirectly via utilitarian 
value and trust (β = 0.113 and β = 0.045, p < 0.001), 
confirming the importance of functional value as a 
mediator. Hedonic value and utilitarian value also 
show significant indirect effects through trust, 
reinforcing the role of trust as a key mediating 
variable. In contrast, subjective norm does not 
exhibit a significant indirect effect on purchase 
intention (β = −0.007, p = 0.620), further confirming 
its limited influence in this model. 

 
 
Table 2. Indirect Effect 
 

Indirect Path Mediation Path Indirect Path Coefficient T-statistics P-values 
SN → PI SN → TR → PI -0.007 0.495 0.620 
IN → PI IN → HV → TR → PI 0.035 2.819 0.005 
UV → PI UV → TR → PI 0.077 4.448 p < 0.001 
IN → PI IN → HV → PI 0.29 11.114 p < 0.001 
IN → TR IN → HV → TR 0.09 2.888 0.004 
IQ → PI IQ → UV → TR → PI 0.045 4.127 p < 0.001 
HV → PI HV → TR → PI 0.054 2.86 0.004 
IQ → PI IQ → UV → PI 0.113 5.131 p < 0.001 
IQ → TR IQ → UV → TR 0.116 6.997 p < 0.001 
IN → PI IN → TR → PI 0.127 4.553 p < 0.001 

 
The total effect results (Table 3) provide a 

comprehensive view of the overall influence of each 
variable on purchase intention. Hedonic value has the 
strongest total effect (β = 0.506, p < 0.001), followed 
closely by interactivity (β = 0.452, p < 0.001), 
indicating that emotional experience and platform 
interaction are the most critical drivers of consumer 
purchase intention. Trust (β = 0.387, p < 0.001) and 
information quality (β = 0.340, p < 0.001) also 
demonstrate substantial overall influence, while 
utilitarian value shows a moderate effect (β = 0.270, 
p < 0.001). Consistent with previous findings, the 
subjective norm does not have a significant total 
effect (β = −0.007, p = 0.620). 

 
 
 
 
 
 
 
 
 
 
 
 
 

Table 3. Total Effect 
 

Path Total Effect 
Coefficient T-statistics P-values 

HV → PI 0.506 13.860 p < 0.001 

IN → PI 0.452 16.640 p < 0.001 

TR → PI 0.387 9.778 p < 0.001 

IQ → PI 0.340 11.612 p < 0.001 

UV → PI 0.270 7.473 p < 0.001 

SN → PI -0.007 0.495 0.620 
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To further evaluate the model's explanatory 
power, the coefficient of determination (R²) is 
reported in Table 4, indicating the extent to which the 
independent variables explain the variance in each 
endogenous construct. Purchase intention has an R² 
value of 0.576, meaning that 57.6% of its variance is 
explained by hedonic value, utilitarian value, and 
trust, indicating moderate explanatory power. Trust 
also shows a moderate level (R² = 0.564), influenced 
by interactivity, information quality, subjective norm, 
hedonic value, and utilitarian value. Hedonic value 
has an R² of 0.412, suggesting a moderate 
contribution from interactivity, while utilitarian value 
has a lower yet acceptable R² of 0.340, primarily 
explained by information quality. These results 
indicate that the model demonstrates adequate 
predictive relevance in explaining consumer 
purchase intention in social commerce. 

 
Table 4. Evaluation of the Model Explanatory Power 
 

Latent Variable R-square Implication 
Purchase Intention 0,576 Moderate 

Trust 0,564 Moderate 
Hedonic Value 0,412 Moderate 

Utilitarian Value 0,340 Moderate to 
Weak 

 

4.1. Importance-Performance Map Analysis (IPMA) 
 
To complement the PLS-SEM results, this study 

employs Importance–Performance Map Analysis 
(IPMA) to identify indicators that warrant managerial 
attention based on their relative importance and 
performance. While PLS-SEM assesses the 
relationships between constructs, IPMA provides 
additional insight into the priority areas for 
improvement, as presented in Figure 4. 

The IPMA results identify seven indicators in 
Quadrant I (Concentrate Here), indicating high 
importance but below-average performance and 
therefore representing the primary priorities for 
improvement. These indicators are HV3 (β = 0.159), 
IN3 (β = 0.152), IN2 (β = 0.151), TR1 (β = 0.133), 
TR2 (β = 0.127), IQ3 (β = 0.114), and IQ1 (β = 
0.113). The findings indicate that improvements 
should focus on shopping experience, interactivity, 
trust, and information quality. 

 
 
 
 
 

 

 
 

Figure 4. Importance-Performance Map Result 
 
 
 
 
 
 

 
 
 
 



SAR Journal. Volume 9, Issue 3, Pages 214-221, ISSN 2619-9955, DOI: 10.18421/SAR93-08, September 2026. 
 

220                                                                                                                                  SAR Journal – Volume 9 / Number 3 / 2026. 

Based on these priorities, eleven improvement 
strategies were formulated across four main areas: 
enhancing personalization through recommendation 
algorithms and Augmented Reality (AR) features; 
improving communication responsiveness through 
message management and notification features; 
strengthening consumer trust through greater 
visibility of help resources, social proof, and store 
performance information; and enhancing information 
quality through standardized product descriptions, 
verified reviews, and more comprehensive shipment 
tracking. 

By integrating PLS-SEM and IPMA, this study 
not only identifies the factors that significantly 
influence purchase intention but also determines 
which specific indicators require immediate 
improvement. This integration provides more 
actionable insights for enhancing the user experience 
and strengthening the competitiveness of household 
products on KreasiOne. 
 
5. Discussion 

 
The findings of this study provide empirical 

support for the application of the Stimulus–
Organism–Response (S-O-R) framework in the 
context of social commerce. Nine of the ten proposed 
hypotheses were supported, demonstrating that 
information quality and interactivity, as external 
stimuli, significantly shape consumers’ internal 
evaluations in terms of hedonic value, utilitarian 
value, and trust, which subsequently influence 
purchase intention. In contrast, subjective norm did 
not significantly affect trust or purchase intention, 
suggesting that household product purchases are 
more strongly driven by consumers’ personal 
evaluations than by social influence. 

Hedonic value emerged as the strongest predictor 
of purchase intention, indicating that an enjoyable 
and immersive shopping experience can be more 
influential than functional considerations alone. This 
finding suggests that despite the functional nature of 
household products, consumers remain responsive to 
experiential elements such as engaging content, live 
streaming, and interactive shopping experiences. 
Trust also demonstrated a strong positive effect on 
purchase intention, highlighting the importance of 
reducing uncertainty and establishing perceptions of 
platform reliability and security. Utilitarian value, 
although comparatively weaker, remained a 
significant predictor, indicating that consumers 
continue to consider functional benefits when 
evaluating household products. 

Information quality was the strongest determinant 
of trust, emphasizing the importance of complete, 
accurate, and clear product information in reducing 
uncertainty during online purchases.  

Interactivity also significantly contributed to trust 
and had a stronger influence on hedonic value, 
indicating that responsive and engaging interactions 
are particularly effective in enhancing consumers’ 
emotional shopping experience. These findings 
reinforce the complementary roles of informational 
and interactive stimuli in shaping consumers’ 
cognitive and affective evaluations. 

The IPMA results further complement the 
structural model by identifying seven indicators in 
the “Concentrate Here” quadrant, namely HV3, IN3, 
IN2, TR1, TR2, IQ3, and IQ1. These indicators 
represent high-importance attributes with below-
average performance and therefore constitute the 
primary areas for managerial improvement. The 
findings provide the basis for eleven improvement 
strategies focusing on personalization and shopping 
experience, communication responsiveness, trust 
enhancement, and information quality. Thus, the 
integration of PLS-SEM and IPMA enables the study 
to move beyond identifying significant relationships 
toward determining specific areas that should receive 
immediate managerial attention. 
 
6. Conclusion 

 
This study aimed to identify the factors 

influencing consumers’ purchase intention toward 
household products on the KreasiOne social 
commerce platform and to formulate strategic 
improvement priorities using the Stimulus–
Organism–Response (S-O-R) framework and 
Importance–Performance Map Analysis (IPMA). 
Based on data from 413 respondents, the findings 
demonstrate that hedonic value is the strongest 
predictor of purchase intention, followed by trust and 
utilitarian value. Information quality and interactivity 
also play important roles by shaping consumers’ 
internal evaluations, with information quality being 
the strongest determinant of trust and interactivity 
having a particularly strong influence on hedonic 
value. In contrast, subjective norm does not 
significantly influence trust or purchase intention, 
indicating that household product purchasing 
decisions are primarily driven by individual 
evaluation rather than social influence. 

The IPMA results further identify seven 
indicators as priority areas for improvement, 
covering shopping experience, interactivity, trust, 
and product and shipping information. Based on 
these priorities, eleven improvement strategies were 
formulated to address performance gaps in the most 
important indicators. 
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Practically, this study suggests that social 
commerce platforms should focus on: (1) enhancing 
personalization and interactive features, including 
recommendation algorithms and Augmented Reality 
(AR), to create a more engaging shopping 
experience; (2) improving communication 
responsiveness through more effective message 
management, notifications, and real-time interaction; 
(3) strengthening consumer trust through greater 
transparency, social proof, help resources, and store 
performance information; and (4) enhancing 
information quality through standardized product 
descriptions, verified reviews, and comprehensive 
shipment tracking. By aligning these priorities with 
the attributes that have the strongest influence on 
purchase intention, social commerce platforms can 
improve user experience, strengthen consumer trust, 
and unlock the growth potential of household product 
categories. 

Despite these contributions, this study is limited 
to the KreasiOne platform and the Indonesian 
market. Future research should examine additional 
variables, other social commerce platforms, broader 
geographic contexts, and specific consumer segments 
to improve the generalizability of the findings. 
 

References: 
 

[1]. A. Z. Yonatan, “Tingkat Penetrasi Internet Indonesia 
Tembus 80% pada 2025,” GoodStats, 2025. [Online]. 
Available: https://goodstats.id/article/tingkat-penetrasi-
internet-indonesia-tembus-80-pada-2025-raped  
[Accessed: May 10, 2026]. 

[2]. S. Wu, R. Yu, O. Darpö, Y. Zhou, L. An, and T. Zou, 
“Social Commerce Is Remaking Online Shopping,” 
Boston Consulting Group (BCG), Mar. 14, 2023. 
[Online]. Available:   
https://www.bcg.com/publications/2023/social-
commerce-is-remaking-online-shopping 
[Accessed: May 12, 2026]. 

[3]. AfterShip, “TikTok Shop Statistics in 2026,” 
AfterShip, 2026. [Online]. Available:  
https://www.aftership.com/ecommerce/statistics/tiktok-
shop [Accessed: May 15, 2026]. 

[4]. E. C. Hirschman and M. B. Holbrook, “Hedonic 
consumption: Emerging concepts, methods and 
propositions,” Journal of Marketing, vol. 46, no. 3, pp. 
92–101, 1982. doi: 10.1177/002224298204600314. 

[5]. B. Lu and Z. Chen, “Live streaming commerce and 
consumers’ purchase intention: An uncertainty 
reduction perspective,” Information & Management, 
vol. 58, no. 7, Art. no. 103509, 2021. 
doi: 10.1016/j.im.2021.103509. 

[6]. Busalim, L. D. Hollebeek, and T. Lynn, “The effect of 
social commerce attributes on customer engagement: 
An empirical investigation,” Internet Research, vol. 
34, no. 7, pp. 187–214, 2024. 
doi: 10.1108/INTR-03-2022-0165. 

[7]. E. Turban, J. Whiteside, D. King, and J. Outland, 
Introduction to Electronic Commerce and Social 
Commerce, vol. 198. Cham, Switzerland: Springer 
International Publishing, 2017. 

[8]. A. Mehrabian and J. A. Russell, An Approach to 
Environmental Psychology. MIT Press, 1974. 

[9]. J. F. Hair Jr., L. M. Matthews, R. L. Matthews, and 
M. Sarstedt, “PLS-SEM or CB-SEM: Updated 
guidelines on which method to use,” International 
Journal of Multivariate Data Analysis, vol. 1, no. 2, pp. 
107–123, 2017. doi: 10.1504/IJMDA.2017.087624. 

[10]. C. M. Ringle and M. Sarstedt, “Gain more insight 
from your PLS-SEM results: The importance-
performance map analysis,” Industrial Management & 
Data Systems, vol. 116, no. 9, pp. 1865–1886, 2016. 
doi: 10.1108/IMDS-10-2015-0449. 

[11]. L. A. Huwaida, et al., “Generation Z and Indonesian 
social commerce: Unraveling key drivers of their 
shopping decisions,” Journal of Open Innovation: 
Technology, Market, and Complexity, vol. 10, no. 2, 
Art. no. 100256, 2024.  
doi: 10.1016/j.joitmc.2024.100256. 

https://goodstats.id/article/tingkat-penetrasi-internet-indonesia-tembus-80-pada-2025-raped
https://goodstats.id/article/tingkat-penetrasi-internet-indonesia-tembus-80-pada-2025-raped
https://www.bcg.com/publications/2023/social-commerce-is-remaking-online-shopping
https://www.bcg.com/publications/2023/social-commerce-is-remaking-online-shopping
https://www.aftership.com/ecommerce/statistics/tiktok-shop
https://www.aftership.com/ecommerce/statistics/tiktok-shop

